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Artificial Intelligence
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Very simple!
Artificial Intelligence (Al) is a branch of computer science that is

concerned with building computer systems capable of performing tasks
the typically require human intelligence
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Basically we try to build computer systems that can
simulate human intelligence
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Basic building blocks of a convolutional neural network (CNN)
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What is basic organization of a

Performing convolution on an input image
* Now that feature extraction is complete, the information will be forwarded to the

. ) Image Classifier for image classification R e fe r e n C e S
** Convolution operates on two datasets * The Image Classifier consists of the Fully Connect Layer and the Softmax Function
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/*2’ Deep learning is an artificial intelligence function that mimics the workings of the human thought \
process

Deep learning is a subset of machine learning

The fundamental functional unit of a deep learning neural network is an ARTIFICIAL NEURON node

Deep learning neural networks are built with artificial neuron nodes connected together to form a
topological structure

% The hierarchical neural network reflects the ALGORITHM of the network in processing/transforming
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It is very SIMPLE

* A Convolutional Neural
Network consists of two
major components
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